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\ Abstract

Digital transformation in the financial sector encourages the adoption of Artificial Intelligence
(Al) in early warning systems to improve the effectiveness of risk detection and mitigation. This
study aims to identify and analyse the challenges and opportunities of Al implementation in the
financial sector early warning system through the literature review method. The results show that
Al offers great opportunities in improving fraud detection accuracy, operational efficiency, service
personalisation, and data-driven decision making. However, Al implementation also faces
significant challenges, such as data quality and security issues, risk of algorithm bias, limited
human resources, and the need for adaptive regulation and governance. Optimising these
opportunities and mitigating these challenges requires a comprehensive strategy that includes
strengthening data governance, improving cybersecurity, developing human resources, and
collaborating with regulators. With the right approach, Al can be a key foundation in
strengthening the resilience and competitiveness of the financial sector in the digital era.

Artificial Intelligence, early warning systems, financial sector, opportunities,

challenges, literature review.

INTRODUCTION

Financial sector stability is a key foundation for a country's economic growth.
Financial crises that occur, both at the national and global levels, can have broad systemic
impacts, ranging from decreased investor confidence, disruption to the payment system, to
a slowdown in overall economic growth. Therefore, efforts to maintain financial sector
stability are a major concern for regulators and financial industry players (Ramadhani &
Trimuliani., 2024)

In this context, the early warning system (EWS) plays an important role. This system
is designed to detect early potential risks and threats to financial stability, allowing relevant
parties to take mitigation measures before the risk develops into a larger crisis. EWS has
become one of the main instruments in supervision and risk management in the financial
sector, both for banking institutions, insurance, and other financial institutions (Hasanah,
2024).

In Indonesia, the experience of the financial crisis in 1997-1998 as well as several
episodes of financial stress in the following years served as valuable lessons on the
importance of a reliable and adaptive early warning system to market dynamics. Various
approaches have been applied in the development of EWS, ranging from traditional
statistical methods to the utilisation of relevant macroeconomic and microeconomic
indicators (Dewi & Dewayanto, 2024a). However, as the complexity of financial
transactions increases and the volume of data continues to grow rapidly, conventional
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approaches in early warning systems begin to face limitations. Manual analyses and simple
statistical models are no longer sufficient to capture the increasingly complex and dynamic
patterns of risk in today's digital era (Dewi & Dewayanto, 2024b).

Artificial Intelligence (Al) comes as an innovative solution that offers great potential
in improving the effectiveness of the financial sector's early warning system. With its big
data processing, machine learning and predictive analytics capabilities, Al is able to identify
patterns, anomalies and risk trends in real-time that were previously difficult to detect by
traditional methods (Sari & Wicaksono., 2025)

The implementation of Al in EWS allows financial institutions to conduct early
detection of potential failures, fraud, and other systemic threats more accurately and quickly.
Al can also help in automating the data-driven decision-making process, so that responses
to threats can be done proactively and measurably. In addition, Al opens up opportunities to
personalise early warning systems according to the characteristics of each financial
institution. With an adaptive model, Al can adjust risk indicators based on portfolio profiles,
customer behaviour, and changing market dynamics. This adds value to risk management
and improves the competitiveness of financial institutions in the global market (Insirat & et
al., 2025)

However, the implementation of Al in the financial sector early warning system is not
free from challenges. One of the main challenges is related to data quality and security. The
data used in training Al models must be accurate, complete, and free from bias for the
analysis results to be reliable. In addition, personal data protection and cybersecurity are
crucial issues that must be anticipated from the beginning (Widodo & Pratama., 2023)

Another important challenge is the regulatory and governance aspects of Al. The use
of Al in the financial sector must comply with applicable regulations, both related to
consumer protection, anti-money laundering, and ethical standards for the use of technology.
Regulations that are not fully adaptive to technological developments can be an obstacle to
the widespread adoption of Al in the financial industry (OJK, 2023).

Transparency and accountability of Al models is also a major concern. Many Al
models, particularly those based on deep learning, are "black box" in nature, making it
difficult to explain in detail how a decision or alert was generated. This can pose challenges
in terms of trust, both from regulators, management, and customers. In addition to technical
and regulatory challenges, limited human resources who understand Al and digital literacy
in the financial sector are also an obstacle to the implementation of this technology.
Investment in human resource training and development is needed so that digital
transformation, especially the use of Al in early warning systems, can run optimally
(Budianto et al., 2021).

Based on this background, this study aims to examine in depth the challenges and
opportunities of Al implementation in the financial sector early warning system through a
literature review. By understanding both aspects, it is expected to provide strategic
recommendations for regulators, industry players, and technology developers in optimising
the use of Al to strengthen the resilience of the financial sector in the digital era.
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METHOD

This research uses the literature review method by systematically reviewing various
sources of scientific literature, journal articles, research reports, and relevant policy
documents related to the implementation of Artificial Intelligence (Al) in the financial sector
early warning system. Data and information were collected, analysed, and synthesised to
identify the challenges and opportunities faced, so as to provide a comprehensive picture of
the dynamics of Al implementation in this context (Eliyah & Aslan, 2025) ; (Paré & Kitsiou,
2020).

RESULTS AND DISCUSSION
Opportunities for AI Implementation in Financial Sector Early Warning Systems

Opportunities for the implementation of Artificial Intelligence (Al) in financial sector
early warning systems are increasingly wide open as digital transformation sweeps the
industry. Al offers data analysis capabilities on a large scale and speed that cannot be
matched by conventional methods, thus providing early detection of risks and potential
threats more efficiently and accurately (Sari & Wicaksono, 2025). One of the main
opportunities is the automation of financial processes that previously required a lot of time
and human labour. Al can automate administrative tasks such as data input, financial report
generation, and transaction matching, thus speeding up work and reducing the risk of human
error. This has a direct impact on improving the operational efficiency of financial
institutions (Dewi & Dewayanto, 2024b).

Al is also highly effective in detecting fraud and financial anomalies. With intelligent
algorithms, Al is able to analyse patterns of transaction behaviour and provide early
warnings if anomalies are found, such as unusually large transactions or unusual customer
activity. This detection is done in real-time, so that potential losses due to fraud can be
minimised (Suwandi & et al, 2024). In risk management, Al can process various market data,
transaction history, and economic indicators to identify possible risks. With predictive
analysis based on big data and machine learning, Al provides deeper insights and more
accurate predictions than traditional methods. This greatly helps the Company's investment
decision making and financial strategy (Milana & Ashta, 2021).

The application of Al also enables more optimised portfolio management and asset
diversification. Al can learn market data and predict stock price movements, allowing
investors to manage risk and optimise returns more effectively. Al-based portfolio
management is now one of the competitive advantages in the global financial industry. Speed
of decision-making is another advantage of Al implementation. In the financial sector, quick
and accurate decisions are crucial to respond to market fluctuations or risk threats. Al enables
instant data analysis and real-time decision recommendations, which not only improves
profitability, but also strengthens the competitiveness of financial institutions (Nuril Ilahi,
2021).

Al also makes a major contribution in maintaining data and transaction security. With
the rise of cyber threats and digital fraud, Al is able to detect attack patterns and prevent
potential data leaks before they occur. Al systems also strengthen customer data protection
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through encryption and user behaviour analysis. In addition to the security aspect, Al can
accelerate financial product and service innovation. With its adaptive analytics capabilities,
Al supports the development of new products such as Al-based microcredit, behaviour-
based insurance, and other digital financial services that better suit market needs. These
innovations drive business growth and improve customer satisfaction (Sulistyowati & et al.,
2023)

Al also helps companies better manage cash flow and budgets. By analysing historical
data and projecting future trends, Al provides recommendations for optimal cash flow
management and more precise budgeting. This helps companies maintain financial stability
and anticipate potential liquidity issues. Customer service has also improved significantly
thanks to Al (Page & et al, 2021). Chatbots and virtual assistants are able to provide fast and
accurate responses to customer queries, assist with the transaction process, and provide
solutions to problems automatically, 24 hours a day. This service efficiency increases
customer loyalty and trust (Shimamoto, 2018).

Al also strengthens regulatory compliance and reporting systems. By automating
monitoring and reporting, financial institutions can ensure that every activity is in
compliance with applicable regulations, and identify potential violations before they lead to
sanctions or reputational damage.

In the context of market sentiment analysis, Al is able to process data from various
sources such as news, social media, and financial reports to predict trends and potential
crises. Financial institutions can take anticipatory steps early, so that negative impacts can
be minimised. Al is also very helpful in the detection of financial anomalies that may not be
detected by humans (Suwandi & et al, 2024). With the ability to recognise patterns and data
irregularities, Al can provide early warning of activities that have the potential to cause
financial risk or company losses.

Another important opportunity is Al's ability to support risk diversification. With
comprehensive data analysis, Al helps companies identify new investment opportunities and
reduce risk concentration in one particular sector or instrument. Al also enables financial
institutions to personalise services more effectively. Recommendations for financial
products and solutions can be tailored to the risk profile and needs of individual customers,
thereby increasing the relevance and added value of the services provided (Judijanto et al.,
2024a).

With all these opportunities, the implementation of Al in the financial sector early
warning system can optimise financial performance, improve operational efficiency, and
strengthen competitiveness in an increasingly competitive digital era.

In conclusion, the opportunity for Al implementation in the financial sector early
warning system is huge and strategic. Al not only helps detect and manage risks more
effectively, but also drives innovation, increases efficiency, strengthens security, and
improves the overall quality of financial services. With proper development and
implementation, Al will become a key foundation in building a financial system that is
resilient and adaptive to future challenges.
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Challenges of AI Implementation in Financial Sector Early Warning System

The implementation of Artificial Intelligence (Al) in the financial sector early warning
system does offer many benefits, but on the other hand it also presents a number of
challenges that cannot be ignored. One of the main challenges is related to data quality and
security. Al requires large amounts of structured, high-quality data to produce accurate
analyses. However, in the financial sector, data is often scattered across multiple systems,
unorganised, or even incomplete, which can degrade the performance of Al models and risk
producing incorrect decisions (Judijanto et al., 2024b).

In addition to data quality, data security and privacy are central issues in the application
of Al in the financial sector. The information processed is highly sensitive, such as
customers' personal data and financial transactions. If this data is not properly protected, the
risk of data leakage or misuse is very high. Therefore, financial institutions must invest in
robust cybersecurity systems and ensure compliance with applicable data protection
regulations (Sobron & et al, 2022). The next challenge is regulation and compliance. The
financial sector is a highly regulated industry, both nationally and internationally. The use
of Al must comply with various regulations, ranging from personal data protection to anti-
money laundering. Differences in regulatory standards between countries can also make it
difficult for multinational financial institutions to implement Al consistently (Nugroho &
Santoso, 2023).

Technology integration is also a challenge. Many financial institutions are still using
legacy technology infrastructure that is not always compatible with modern Al systems. The
integration of Al into existing systems often requires large investments, both in terms of
hardware, software, and human resource training. In addition, limited expertise in Al and
data science is also an obstacle. Developing and managing Al systems requires specialised
skills that are still relatively rare in Indonesia and many other developing countries. The lack
of skilled human resources can slow down the process of Al adoption and optimisation in
the financial sector (Kokina et al., 2017).

Another challenge is algorithm bias and transparency. Al models trained using
historical data can potentially carry biases inherent in that data, which can lead to
discriminatory or unfair decisions. The lack of transparency (explainability) in Al decision-
making processes also poses challenges in terms of accountability and user trust (Zhou & et
al., 2023)

There is also a risk of market manipulation. Al algorithms used for algorithmic trading
can create artificial volatility or even cause flash crashes if not closely monitored. This
potential misuse of Al for manipulative purposes is a concern of regulators in various
countries. Dependence on the technology is an additional risk. If Al systems experience
disruptions, failures or cyber-attacks, the operations of financial institutions could be
significantly disrupted. Therefore, backup plans and multi-layered security systems are
required to anticipate such eventualities (Zulmedia., 2025)

The complexity of Al technology is also a challenge, especially in terms of system
development, maintenance and updates. Al requires high computing power and sophisticated
technological infrastructure, which is not always easily accessible to all financial institutions,
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especially small or medium-sized ones. The ethical use of Al is an issue that is receiving
increasing attention. The use of Al must keep in mind ethical principles, such as fairness,
transparency, and accountability. Without clear regulation and governance, Al could
potentially be used for purposes that harm consumers or create inequities in the financial
system (Gepp et al., 2018).

Data fragmentation is also a big obstacle. Data spread across multiple platforms and
formats makes the integration and analysis process more complicated. This can hinder Al in
generating comprehensive and relevant insights for decision making (Hasanah, 2024).

Finally, the adaptation of organisational culture to new technologies such as Al often
does not go smoothly. Changes in business processes, training needs, and resistance from
employees are challenges in ensuring effective and sustainable Al implementation in the
financial sector.

Thus, while Al offers great potential to improve the effectiveness of early warning
systems in the financial sector, the above challenges must be anticipated and managed
properly to optimise the benefits and minimise the risks.

Strategies to Overcome Challenges and Optimise Opportunities

Strategies to overcome challenges and optimise opportunities for Al implementation
in financial sector early warning systems require a comprehensive, structured, and adaptive
approach to technological dynamics and applicable regulations. One of the main steps is to
strengthen the Al governance framework in financial institutions, by ensuring clear policies,
procedures, and supervision related to the use of Al, including the principles of transparency,
accountability, and ethics in every decision-making process (Sari & Wicaksono., 2025)

Improving data quality is an important foundation in the development of a reliable Al
system. Financial institutions should invest in the process of collecting, cleansing, and
integrating data from various sources so that Al models can be trained with accurate and
representative data. In addition, strong data management is also needed to maintain
information integrity and privacy, while ensuring compliance with applicable personal data
protection regulations (Vasarhelyi & Alles, 2018).

The next strategy is to strengthen cybersecurity and data protection. With the rise of
digital threats, financial institutions need to adopt encryption technology, layered
authentication, and Al-based cyberattack detection and response systems. The use of Al to
identify attack patterns and prevent data leakage should be a top priority in maintaining
customer trust and Company reputation (Hasanah, 2024).

The implementation of comprehensive risk management is also very important. Al can
be used to monitor and analyse risks in real-time, but financial institutions must prepare
mitigation mechanisms in case of system failure or algorithm bias. Periodic risk assessments
of the Al models used need to be conducted to ensure the reliability and resilience of the
system in various market conditions (Ramadhani & Trimuliani, 2024). To address regulatory
and compliance challenges, financial institutions should actively collaborate with regulators
in formulating standards and guidelines for Al utilisation. The involvement of regulators,
industry, and academia in discussion forums will accelerate regulatory harmonisation, while
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encouraging innovation that still adheres to prudential principles and consumer protection
(Raihan & et al., 2024)

Human resource development is key to successful Al implementation. Financial
institutions need to provide training and continuing education for employees to effectively
understand, manage, and develop Al solutions. Investment in digital talent and collaboration
with higher education institutions can accelerate the transfer of knowledge and skills in Al
(Moffitt & Vasarhelyi., 2013)

The next strategy is to ensure explainability and fairness in Al models. The
development of transparent and explainable Al models will increase the confidence of
regulators, management, and customers in the results of analyses and recommendations
produced by the system. In addition, periodic evaluation of potential algorithm bias should
be conducted to prevent discrimination and maintain the principle of fairness (Suwandi & et
al., 2024)

Optimisation of Al opportunities can also be done by encouraging innovation of Al-
based products and services. Financial institutions are encouraged to create new, more
adaptive financial products, such as Al-based microcredit systems, behaviour-based
insurance, and automated financial advisory services that can reach a wider market segment
(Septiriana, 2024). Collaboration across sectors and ecosystems is an important strategy in
accelerating Al adoption. Financial institutions can partner with technology companies,
startups, and research institutions to develop Al solutions that are relevant to industry and
consumer needs. This collaboration can also accelerate technology transfer and adoption of
best practices in the financial sector (Ramadhani & Trimuliani., 2024)

Continuous monitoring and evaluation of Al implementation should be conducted
through technology audits and periodic system performance assessments. This aims to
ensure that Al systems remain relevant, secure, and provide optimal added value to the
company and customers.

Third-party risk mitigation strategies also need to be strengthened, as many financial
institutions utilise cloud services or Al solutions from external vendors. Risk assessments,
service level agreements (SLAs), and security audits of third parties should be conducted
rigorously to prevent potential systemic vulnerabilities (Hasanah, 2024).

Finally, financial institutions should continue to foster a culture of innovation and
adaptation to technological change. By building a work environment that supports
experimentation, learning, and the development of new solutions, companies can better
prepare for the challenges and maximise the opportunities that Al offers in the future.

Thus, by consistently applying these strategies, financial institutions can overcome the
challenges of Al implementation while optimising its opportunities to strengthen resilience,
efficiency, and competitiveness in an increasingly competitive digital era.

CONCLUSION

The implementation of Artificial Intelligence (Al) in financial sector early warning
systems offers great opportunities to improve risk management effectiveness, operational
efficiency, and accuracy in detecting and responding to financial threats. Al is capable of
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analysing suspicious transaction patterns, detecting fraud, predicting market movements and
optimising investment portfolios in real-time, allowing financial institutions to take early
preventive action and reduce potential losses. In addition, Al can also automate business
processes, improve decision-making accuracy, and open up opportunities for innovative
financial products and services that are more adaptive to market needs.

On the other hand, the application of Al also faces significant challenges, mainly
related to data privacy and security, model reliability, and the risk of bias in Al-based
decision-making. Financial institutions must ensure that the data used to train AI models is
high quality, standardised and free from bias to ensure that the analysis results are reliable
and fair. In addition, protection of sensitive customer data is crucial to prevent information
leakage or misuse, while strict regulation and supervision from authorities are also necessary
for Al to be used ethically and responsibly.

Thus, optimising the opportunities and mitigating the challenges of Al implementation
in the financial sector early warning system requires a comprehensive strategy, ranging from
strengthening data governance, improving cybersecurity, developing human resources, to
active collaboration with regulators. This integrated approach will ensure that Al can provide
maximum benefits for financial sector stability and growth, while minimising the risks that
may arise in an increasingly complex and dynamic digital era.

REFERENCES

Budianto, M. R. R., Kurnia, S. F., & Galih, T. R. S. W. (2021). Perspektif Islam Terhadap
Ilmu Pengetahuan dan Teknologi. Islamika: Jurnal llmu-Iimu Keislaman, 21(1), 1-15.

Dewi, F. S., & Dewayanto, T. (2024a). Peran Big Data Analytics, Machine Learning, dan
Artificial Intelligence dalam Pendeteksian Financial Fraud: A Systematic Literature
Review. Accounting Analysis Journal, 13(2), 123-137.
https://doi.org/10.14710/aaj.v1312.46107

Dewi, F. S., & Dewayanto, T. (2024b). The Role of Big Data Analytics, Machine Learning,
and Al in Financial Fraud Detection. Accounting Analysis Journal, 13(2), 123-137.
https://doi.org/10.14710/aaj.v13i2.46107

Eliyah, E., & Aslan, A. (2025). STAKE’S EVALUATION MODEL: METODE
PENELITIAN. Prosiding Seminar Nasional Indonesia, 3(2), Article 2.

Gepp, A., Linnenluecke, M. K., O’Neill, T. J., & Smith, T. (2018). Big Data Techniques in
Auditing Research and Practice: Current Trends and Future Opportunities. Journal of
Accounting Literature, 40, 102—115. https://doi.org/10.1016/j.acclit.2017.12.003

Hasanah, S. (2024). Transformasi Artificial Intelligence dalam Akuntansi dan Pengambilan
Keputusan Keuangan. EBISMEN: Jurnal Ekonomi, Bisnis, Dan Manajemen, 3(2), 77—
101. https://doi.org/10.31219/0sf.i0/ebis123

Insirat, N. & dkk. (2025). Tantangan Transparansi dan Interpretasi Data Al. EBISMEN:
Jurnal Ekonomi, Bisnis, Dan Manajemen, 3(2), 77-101.

Judijanto, L., Al Amin, & Nurhakim, L. (2024a). Implementasi Teknologi Artificial
Intelligence dan Machine Learning dalam Akuntansi dan Audit. COSMOS: Jurnal

SINOMICS JOURNAL | VOLUME 4 ISSUE 2 (2025)

286 WWW.SINOMICSJOURNAL.COM



SINOMICS =1L U

International Journal of
Social Science, Education, Communication and Economics

Ilmu Pendidikan, Ekonomi Dan Teknologi, 1(6), 478-489.
https://doi.org/10.31219/0sf.io/cosmos183

Judijanto, L., Al Amin, & Nurhakim, L. (2024b). Implementation of Artificial Intelligence
and Machine Learning in Accounting and Auditing. COSMOS: Jurnal Ilmu
Pendidikan, Ekonomi Dan Teknologi, 1(6), 478-489.
https://doi.org/10.31219/osf.i0/cosmos183

Kokina, J., Pachamanova, D., & Corbett, A. (2017). Gartner’s Forecast on Al in Financial
Management. Journal of Emerging Technologies in Accounting, 14(1), 115-122.
https://doi.org/10.2308/jeta-51730

Milana, E., & Ashta, A. (2021). Penerapan Artificial Intelligence sebagai Inovasi di Sektor
Keuangan. Moneta, 3(1), 19-30. https://doi.org/10.24252/moneta.v3i1.10145

Moftitt, K. C., & Vasarhelyi, M. A. (2013). AIS in an Age of Big Data. Journal of
Information Systems, 27(2), 1-19. https://doi.org/10.2308/isys-50418

Nugroho, S., & Santoso, D. (2023). Implementasi Al dalam Sektor Keuangan Indonesia.
Jurnal Sistem Keuangan, 1(1), 45-62.

Nuril Ilahi, N. (2021). Penerapan Artificial Intelligence sebagai Inovasi di Era Disrupsi
dalam Mengurangi Risiko Keuangan. Moneta, 3(1), 19-30.
https://doi.org/10.24252/moneta.v3il.10145

OJK. (2023). Studi Kasus Implementasi Al pada Layanan Pembayaran di Indonesia. Jurnal
Sistem Keuangan, 1(1), 45-62.

Page, M. & dkk. (2021). Ketergantungan Al dalam Pengambilan Keputusan Keuangan.
EBISMEN: Jurnal Ekonomi, Bisnis, Dan Manajemen, 3(2), 77-101.

Paré¢, G., & Kitsiou, S. (2020). Methods for Literature Reviews. Handbook of eHealth
Evaluation: An Evidence-Based Approach, 157-179.

Raihan, N. & dkk. (2024). Analisis Dampak Perkembangan Teknologi Al dalam
Meningkatkan Efisiensi Operasional Bank Syariah. Jurnal Riset Akuntansi Dan
Keuangan, 12(2), 1083-1094.

Ramadhani, D., & Trimuliani, N. (2024). Analisis Dampak Perkembangan Teknologi Al
dalam Meningkatkan Efisiensi Operasional Bank Syariah. Jurnal Riset Akuntansi Dan
Keuangan, 12(2), 1083—1094. https://doi.org/10.31219/osf.10/jrak 75231

Sari, D. P., & Wicaksono, A. (2025). Peran Kecerdasan Buatan dalam Meningkatkan
Efisiensi dan Transparansi Pasar Keuangan. Ecoducation E-Jurnal, 7(1), 1-15.
https://doi.org/10.33503/ecoducation.v7il.1374

Septiriana, dkk. (2024). Al dengan program ACL Analytic untuk Deteksi Kecurangan
Laporan Keuangan. Akurasi: Jurnal Studi Akuntansi Dan Keuangan, 3(2), 112—120.

Shimamoto, D. (2018). Is Artificial Intelligence a Threat to Government Accountants and
Auditors? Journal of Government Financial Management, 67(2), 22-29.

Sobron, A. & dkk. (2022). Implementasi Artificial Intelligence pada Sistem Manufaktur
Terpadu. Moneta, 2(2), 31-45.

Sulistyowati, N. & dkk. (2023). Penerapan Artificial Intelligence di Lembaga Keuangan
Mikro Syariah. Moneta, 3(1), 19-30.

SINOMICS JOURNAL | VOLUME 4 ISSUE 2 (2025)

WWW.SINOMICSJOURNAL.COM 287



Challenges and Opportunities of AI Implementation in Financial Sector Early Warning System

Loso Judijanto et al
DOI: https://doi.org/10.54443/sj.v4i2.508

Suwandi, A. & dkk. (2024). Peran Al dalam Deteksi Fraud dan Efisiensi Audit. Jurnal
Akuntansi Dan Keuangan, 18(1), 77-88.

Vasarhelyi, M. A., & Alles, M. (2018). Artificial Intelligence in Accounting and Auditing:
Towards New Paradigms. International Journal of Accounting Information Systems,
30, 1-10. https://doi.org/10.1016/j.accinf.2018.03.001

Widodo, A., & Pratama, R. (2023). Tantangan Teknis, Etis, dan Regulasi Al di Keuangan.
Jurnal Sistem Informasi Dan Manajemen, 2(3), 55—68.

Zhou, Y. & dkk. (2023). Explainable Al for Financial Fraud Detection. Akurasi: Jurnal Studi
Akuntansi Dan Keuangan, 3(2), 112—120.

Zulmedia. (2025). Dampak Artificial Financial Intelligence dalam Fintech Payments
Terhadap Kinerja Keuangan Perbankan Indonesia: A Systematic Literatur Review.
Jurnal Ilmiah Raflesia Akuntansi, 11(1), 45-52.
https://doi.org/10.53494/jira.v11i1.824

288 SINOMICS JOURNAL | VOLUME 4 ISSUE 2 (2025)
WWW.SINOMICSJOURNAL.COM



